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Computer Aided Quality as a
i Data Mining Problem

Based on measured characteristics of a product
decide if the product is Risky or not

From data mining point-of-view:
= Binary classification task
= All input attributes are numerical
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Ra pld MIner (rapidminer.com)

= a leading open-source system
for knowledge discovery and

data mining (www.kdnuggets.com)

= a Leader in 2016 Gartner
Magic Quadrant for Advanced
Analytics (www.gartner.com)

= the Top 3 Rated Predictive
Analytics Software for
Enterprise (www.g2crowd.com)
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Rapid Miner Downloads

https://my.rapidminer.com/nexus/account/index.html
#downloads

<« & | & Zabezpedeno | https;//my.rapidminer.com/nexus/account/index.htmi#downloads w
B! Aplikace {§ ISVSFS ISIS @4 slovnikcz YR Weather Prague || 0365@VSE S Seznam Email [ Posta Outlook Ostatni zlozky
@ rapldmlner My Account  Downloads Dsignin | @ Register

Click on a RapidMiner product of your choice to download it.

RapidMiner Studio 7.6

Click on your operating system to start the download:

e |nstallation Guide
- e
L[ | HiE . (é s Support
e Download Source
Windows Windows Mac Linux n

32bit 64bit Requires: Mac OS 10.8+ Requires: Java 8
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Rapid Miner Pricing

) \'j
3 \ [% homesweetim. X i [ www.google.cc x/‘/ W RapidMiner Pric x ' ull Installiﬁivvé karta AN

= (& ‘ 8 Zabezpeceno | https://rapidminer.com/pricing/
i1 Aplikace {§ ISVSFS [ ISIS (L slovnikcz YR Weather Prague || 0365@VSE S Seznam Email [§ Posta Qutlook Ostatni zalozky
uﬂ rapidminer PRODUCTS & SOLUTIONS RESOURCES PRICING PARTNERS COMPANY DOWNLOAD )

SMALL MEDIUM LARGE

*2 500 veuy | > 5,000 veury | 10,000 veory

# Data Rows 10,000 100,000 1,000,000 Unlimited
# Logical Processors 1 2 4 Unlimited
Performance 2x 4x 10x+
Improvements
Background Process v
Execution
Customer Support Community Enterprise Enterprise Enterprise u
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Overview of a DM Project
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Retrieve original data

ExampleSet (376 examples, 1 special attribute, 45 regular attributes) ‘u’ieu:v.r Filter (376 / 376): Iall "‘
Row Mo, Test Par1 Par2 Par3 Pard ars Parg Par? Parg Parg Pa

1 DK 437.200 0.070 4491100 0276 0.2m: 0.628 0.308 0.303 0.636 01390
2 DK 351.100 0.080 40449 0.256 0.257 0622 0.275 0.267 0.547 0.135
3 DK 382.400 0.070 4774.100 0.262 0.266 0.630 0.284 0.267 0.571 0133
4 RISK 386 400 0.090 4088.600 0.264 0.263 0.611 0.266 0.290 0512 0.154
5 DK 426.300 0.090 4321.500 0.263 0.307 0.636 0.297 0272 0.567 0.148
] RISK 373.300 0.070 4963.600 0.283 0.254 0.624 0.266 0.281 0.526 0128
7 RISK 335.400 0.080 5363.500 0.267 0.261 0.606 0.265 0292 0.561 0138
8 RISK 343100 0.080 4612400 0.253 0.2a7 0.637 0.307 0.285 0616 0144
9 DK 383 0.080 4555600 0.246 0.275 0.643 0.297 0.3m 0.641 0.140
10 DK 375.900 0.080 4203 0.282 0272 0614 0.283 0.220 0.563 0.142
11 RISK ar2.¥o0 0.070 3471.900 0236 0.271 0.615 0.296 0.265 0.586 0.130
12 RISK 368.800 0.080 4650.100 0.248 0.314 0612 0291 0.300 0534 0138
13 OK 368.500 0.070 4843.900 0.243 0277 0.629 0.278 0.2aa 0532 0.130
14 RISK 371.500 0.070 3859700 0.308 0.297 0.627 0.285 0276 0582 0128
15 OK 3AT6.700 0.090 4201.700 0.253 0.292 0.643 0.318 0281 0.590 0.145
DK 386.800 0.080 5718.500 0.265 0.263 0.629 0.284 0272 0.580 0.137
RISK 388.200 0.080 4609.400 0.253 0.281 0618 0.330 0.269 0.571 0.140
DK 315.200 0.080 3725.600 0.267 0.2 0639 0.3 0272 0.610 0.141
OK a71.700 0.060 4430600 0.259 0.294 0.626 0.306 0284 0.581 0123

RISK 340.300 0.090 4098 400 0.283 0.292 0.649 0.317 0.269 0.597 0.146
3
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Data Preprocessing

Weight by Info..,
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Data used for Training and
Testing

ExampleSet (376 examples, 1 special attribute, 25 regular attributes) L View Filter (376 / 376) lall "l
Row Ma. Test Par1 Par? Parg Pard ar10 Par14 Par15 Par1g Par17 Pa

1 Ok 437.200 0.308 0.303 0.636 0.134 1.100 1.920 5.410 7.680 126413
2 OK 351.100 0.275 0.267 0.547 0.135 1.460 2380 4120 6.630 11.651
3 Ok 382.400 0.284 0.267 0.571 0133 1.350 2170 4150 6.700 10.7861
4 RISK 396.400 0.266 0.290 0512 0.154 1.410 2320 4 870 £.980 10.971
5 Ok 426.300 0.297 0.272 0.567 0.148 1.560 2450 5.140 5720 10.981
] RISK 373.300 0.266 0.281 0.526 0129 1.100 2620 5.050 7.030 10.651
7 RISK 335400 0.265 0.292 0.561 0138 1.130 2420 4620 7.160 10.981
8 RISK 343.100 0.307 0.285 0.616 0.144 1.200 3 4720 7.480 10.841
8 oK 383 0.297 0.301 0.641 0.140 0.540 2250 4.310 7160 10.921
10 OK 375.800 0283 0.280 0.563 0142 0.640 3.080 4.310 8.720 10.901
11 RISK 372700 0.295 0.265 0.586 0.130 1.400 2360 4.670 8.060 11.481
12 RISK 368.800 0.291 0.300 0.534 0.138 0.920 2350 4.440 6.650 13.091
13 0K 368.500 0278 0.288 0532 0130 0830 2680 4920 7.690 10.851
14 RISK a71.500 0.285 0.276 0.582 0129 0.950 2560 3.840 8.960 10.091
15 Ok 3A76.700 0.318 0.281 0.590 0.145 1.460 2870 4.380 7.970 12,441
16 OK 396.800 0.284 0272 0.580 0137 1.150 2 460 4930 8.120 12121
RISK 388.200 0.330 0.269 0.571 0.140 0.980 2 480 3.960 6.440 10.851
8_ oK 315.200 0.331 0272 0.610 0.141 0.940 1.840 4.880 5.840 11.451
= Ok a71.700 0.306 0.284 0.581 0123 1.100 2540 4.840 6.980 10.401

-§_ RISK 340.300 0.317 0.269 0.597 0146 0.960 2290 4580 7.740 10.271g%
[ | >
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Training and Testing
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Comparing ROC

(#) ROC Comparison () Annotations = RS

== [ajve Bayes (2) = Logistic Regression (2) ==FPFercepiron
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